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Zero-Shot Missing Training  Trainable
Forecast  Support Token Parameter

TimesFM 3 200M
Moirai 50 300M
TimeGPT ' Unknown|
MOMENT 300M

Timer

Dataset ' Hist Pre

Method

Chronos

0.1462 0.1650 0.1389 0.1467 0.1694 D. 0.1634 0.1698
0.1358 0.1852 0.1469 0.1439 ).160: 0.1796 ).1599 0.1372 0.1403
0.1398 0.1964 0.1447 0.1473 D.15 0.1433 0.145 0.1374 0.1374
0.1371 0.1971 0.1414 0.1513 0.159 0.1492 0.1502 0.1348 0.1431

0.2724 0.2937 0.2742 0.2758 L2874 0.2963 0.3360 0.3128
0.2756 0. al 18 .29 0.3109 L2838 0.3045
0.2831 ( ) y » 0.3136 : 0.3158
0.2863 0.3299 L2854 ).302¢ .2905 ).3: 0.3150 0.3124

0.1479 0.1608 1384 0.1503 0.1608 0.1719 .

0.1400 0.1813 1345 0.1425 ).1718 0.184¢ !l 1650 L1452 0.1587
0.1428 0.1680 1518 0.1452 0.1616 0.1619 58 0.1463 0.1393
0.1406 0.2001 1472 0.152 0.157( 0.1703 0.1582 .14 0.1802

0.2793 0.3397 .279: 2018 (]4"(]6 .340: 375 0.3135
0.2881 0. s(m ( .3625 ] . 3472 0.3340

(J 2947 0,305 3007 ; : ; ; ' 0.3434 ChatTime

0.4213

0 )
0.4714
0.0543
0.0571
0.0595
0.0615 0.06(0) 0. U-I‘N\

0.4662 0.5000 0.4557

0.4475 4443 0.4116 ).4635 ( ).419 0.3725
0.4438 0. 0.4190 X ).4332 0. -I-ﬂ‘s1 371« 0.3787
0.4190 0. L34 ).4279 0.3539 ).3542 0.3908

0.0339 0.0364  0.0352 0.0331  0.0305 00354  0.0343 %*%,u\ﬁ__nﬁ—_lr_ﬁj Zero- Shotf J__I-m_l_,ﬂfﬂj'tb

0.0366 ( 0.0401 0.0395 0.0321 0.0302 0. [I"98 0.0346
0.0364 0. lh‘)‘) 0.0377 0.0328 A 032 0.0349
0.0371 (.039: 0.( 0.0392 0.0323 (.0351 ).0369 0.0335

Exchange

Avg. MAE | 0.2409 .266 0.2286 0.254 0.2659 0.25¢ L2512 5
Avg. Rank | 3.7500 6.968 3.0000 3.9688 5.5625 .5000 5.7500 4.8438 {
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Dataset-Specific Fore
GPT4TS TimeLLM

0.7558
0.7464
0.7388
0.7311
0.6697
0.6567
0.6771
0.6383

0.7697
0.7959
0.7672
0.7632
0.6531
0.6474
0.6329
0.6356

0 4211

cast

TGForecaster | Moirai

0.7595
0.7610
0.7638
0.7695

0.6181

0.8108
0.7849
0.7749
0.7664

0.6228
0.6085
0.6008
0.5968

Dataset-Shared Forecast

TimesFM

f] 7811
0.7667

0. ht)';"(l

Chronos

0.7427
0.7408
0.7352
0.7344
0.6571
0.6597
0.6645
0.6631

ChatTime-
0.7606
0.7606
0.7607
0.7607
ll 6496

0.6085
0.4849
0.4307

This sequence records solar power
generation at a site in Melbourne,
Australia, with a collection granularity
of 15 minutes. The target date for
prediction is Friday, February 25, 2022.
It is a weekday with light drizzle and
moderate  breeze. The minimum
temperature is 17 degrees, and the
maximum temperature is 22 degrees.

The sun will rise at 6:00 and set at 19:06.

This sequence records electricity usage
at a household in London, United
Kingdom, with a collection granularity
of 30 minutes. The target date for
prediction is Saturday, November 9,
2013. It is a weekend with slight rain
and gentle breeze. The minimum
temperature is 3 degrees, and the
maximum temperature is 7 degrees. The
sun will rise at 8:08 and set at 17:20.

0.3920
120 0.3480
Avg. MAE

Avg. Rank
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w/o Context
= w/. Context
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Which option best describes the time series: constant trend, Which option best describes the time series: constant
upward trend, or downward trend? / / /?

0.6377
0.6697

0.6797  0.6373 0.7874
(I 4??() (0 5 0.6954
(),4‘%94 (.524 0.6228
0.3796  0.454¢ 0.526 0.5736

1 GPT4: upward trend
1
: GPT3.5: constant trend

: GLM4: constant trend

1
: GPT3.5
: GLM4: decreased \'lﬁ)|&lli|i1_\'

1 1 _
1 Llama3: upward trend 1 Llama3: increased volatility
]

! ChatTime: constant trend

——— ===

1
oy ChatTime: increased volatility

0.8773
0.9032
0.8593
0.7478

Jutlier

Which option best describes the time series: no seasonality, Which option best describes the time series: no outlier,
fixed seasonality, or shifting seasonality? sudden spike, or level 5h111?

C

Avg. Acc | 0.5567 04728 0.5163
Avg. Rank | 3.0625 4.0625 3.6250  3.2500 1.0000

Y GPT4: no seasonality Y GPT4: level shift
I 1
: GPT3.5: no seasonality : GPT3.5: sudden spike

: GLM4: shifting seasonality : GLM4: sudden spike g*g!u\ﬁjl\ﬁ__”?ﬁu rﬁl%*%}gijtt

I ! o I .
1 Llama3: shifting seasonality 1 Llama3: level shift
1 1

/ ChatTime: no seasonality ! ChatTime: level shift Ef@%ﬁﬁjf@gﬁ”ﬂﬂﬂ%‘?ﬁ
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